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Balance Scale 4 3 625  
Banknote Authentification 4 2 1372  

 3 2 306  
Iris 4 3 150  
Qualitative Bankruptcy 6 2 250  
Skin Segmentation 3 2 245057  
Blood Transfusion Service  
Center 4 2 748  
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 HS AB J48 RF kNN SVM 

Balance Scale      

Banknote Authentification      

Survival      

Iris      

Qualitative Bankruptcy      

Skin Segmentation      

Blood Transfusion Service 
Center      
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Doroshenko A.Y. 
ABOUT SEPARATING HYPERSURFACE METHOD FOR SOLVING THE PROBLEM OF DATA 
CLASSIFICATION 
The article considers the approach to solve the problem of data classification that we proposed earlier. Its 
main idea is to find the separating classes hypersurface using an adapted method for calculating the medial 
axis, based on the multidimensional Delaunay triangulation. The hypersurface thus obtained is located at an 
equal distance from the sets of objects of classes, which in general is more preferable. The principle of control 
of the generalizing ability of this classifier based on the Laplacian smoothing method is considered. Some 
results of an experimental research of the implementation of the proposed methods on real data are given, 
which make it possible to draw up a general idea of the effectiveness of solutions as a whole. A brief discussion 
of the advantages and disadvantages is given. 
Key words: classification, machine learning, Delaunay triangulation, hypersurface, overfitting, medial axis.  
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